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AI & the Labor Force: Scenarios for 
Stakeholders 

AI is spreading through US workplaces more quickly than previous technologies, yet its effects 

on productivity, employment, and wages remain difficult to discern. To help leaders navigate 

this uncertainty, this report examines four potential labor-force impact scenarios and identifies 

steps policymakers, business leaders, and educators can take to prepare for possible 

disruptions. 

Trusted Insights for What’s Ahead® 

• Through the end of 2025, about 18% of US firms and 41% of US workers reported using AI, 

with adoption particularly high among larger firms and in knowledge-intensive sectors such 

as professional services and finance. Despite this rapid diffusion, individual worker 

productivity gains and employment effects have been slower to materialize and remain 

difficult to measure. 

• AI has demonstrated significant productivity gains in specific contexts, such as customer 

support and software development. However, AI’s capabilities remain uneven and, in some 

cases, can lead to worse employee performance. This emphasizes the need for CEOs to 

understand how AI could make workers more productive and for collaboration with 

educators to ensure employees have the skills needed to succeed in an AI-driven economy. 

• Data and research limitations risk leaving policymakers, educators, and CEOs with little 

insight into how AI is impacting the economy. Given the pace of AI advancement and its 

rapid diffusion in many sectors, both positive and negative impacts may spread rapidly, 

making timely analysis and response critical. 
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Recommendations 

While the labor market effects of AI are uncertain, waiting to take action until the outlook is clear 

could leave policymakers and CEOs ill-prepared to respond to quickly changing conditions. As a 

result, stakeholders should take steps now to prepare workers to take advantage of potential 

opportunities and remain resilient against potential disruptions.  

Improve data collection and establish early-warning indicators 

Recognizing that many existing datasets may not capture the effects of AI quickly or granularly 

enough to aid decision-making, policymakers should take steps to improve data collection. 

– Federal agencies should partner with employers and educational institutions to 

leverage existing workforce and enrollment administrative data to understand how 

AI is being used and how it is affecting jobs while safeguarding businesses’ 

confidential information and individuals’ privacy. 

– Recognizing the speed at which technology and labor market conditions develop, 

Congress should consider allocating additional funds to agencies, including the 

Department of Labor, Bureau of Labor Statistics, and Census Bureau to expand 

data collection and economic research. 

– Stakeholders should identify additional indicators based on AI-related changes to 

job postings, job loss, earnings, and other factors to enable rapid responses to 

changing economic conditions when needed. The Help Wanted OnLine Index and 

AI and Automation Risk Tool from The Conference Board, for example, provide 

useful insights.  

– CEOs should carefully assess firms’ internal capacity for leveraging AI productively, 

including culture, workforce capabilities, data quality, and processes. CEOs should 

also study how employees are using AI to learn which use cases improve 

productivity and apply insights across the enterprise.  

Invest in worker training and education 

AI will change the skills required in existing jobs, as well as the mix of occupations demanded 

by employers. Given the pace of change, education and training systems must become more 

responsive to technological advances and shifting employment conditions, requiring action from 

policymakers, educators, and CEOs.  

– CEOs should expand employer-connected training, apprenticeships, internships, 

and work-based learning in professional services, health care, technology, finance, 

advanced manufacturing, and other fields where AI is likely to alter job 

responsibilities. 
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– Policymakers should provide community colleges, universities, and workforce 

organizations with flexible funding to expand capacity quickly when labor-market 

disruption increases enrollment. Particular attention should be given to programs 

with strong completion, employment, and earnings outcomes so that capacity 

constraints do not divert displaced workers into fields with limited demand. 

– CEOs should develop pathways specifically for highly educated and mid-career 

workers who may need to translate existing expertise into adjacent occupations 

rather than begin an entirely new career. 

– CEOs should reassess their talent-pipeline, succession, and knowledge-transfer 

strategies to ensure that reduced entry-level hiring does not weaken the future 

supply of experienced workers and that senior departures do not erode critical 

institutional knowledge.  

Modernize unemployment insurance and public-benefit systems 

Even a concentrated or temporary increase in displacement could strain unemployment 

insurance and other public-benefit programs. Policymakers should improve these systems 

before a major shock occurs rather than attempting to build capacity during a crisis. 

– Policymakers should replace or modernize outdated unemployment insurance 

technology, adopt common data standards, strengthen cybersecurity, and create 

systems that can expand rapidly during periods of elevated claims. 

– The Department of Labor should work with states to establish surge-capacity plans 

covering staffing, call centers, application processing, identity verification, fraud 

prevention, appeals, and communication with claimants. These plans should be 

tested through regular simulations and updated based on lessons from prior 

emergencies. 

– Where appropriate, agencies should leverage AI to improve customer service, 

detect potential fraud, and process applications while maintaining human 

governance and oversight to identify and address errors. 

– As the impacts of AI develop, policymakers should also continually evaluate 

whether the existing structure of benefit programs remains effective at both aiding 

displaced workers and providing strong incentives for work.  
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Introduction 

Reviewing a book in 1987 about the decline of US manufacturing and the potential transition to 

a service-driven economy, Nobel laureate Robert Solow famously stated, “You can see the 

computer age everywhere but in the productivity statistics.”1 His statement represented what 

was then a popular position in a highly contentious debate about the impact that computers 

would have on the economy—a debate that was later answered as productivity growth 

increased in the late 1990s after nearly 25 years of stagnation and the computer and internet 

revolutionized workplaces.2 

This statement—now commonly known as the Solow Paradox—has received renewed attention 

as AI-related invested is projected to exceed $1 trillion in 2026, excitement about potential 

advances in domains ranging from medicine to manufacturing, and fears about the potential 

impact on the labor market and economy. However, nearly four years since the public 

introduction of ChatGPT in November 2022, it remains unclear what labor force effects it has 

already had and even less clear what effects it may have in the future. You can see the AI age 

everywhere but in the labor statistics. 

This dissonance reflects the challenge of assessing the effects of a rapidly evolving technology 

in a dynamic economy with incomplete data.3 Economic growth and labor demand are driven by 

many factors, including general business cycles and policy decisions. Likewise, the integration 

of new technologies into the workplace depends on individual firm factors, workforce readiness, 

and other variables. Further compounding the challenge is that robust research takes time and 

studies released today often rely on economic statistics from several years ago, reflecting a 

different economy with older AI models that are far less capable than those currently available. 

Though the potential outcomes are uncertain, the stakes for business leaders, educators, and 

policymakers are high: major employers have warned that AI could lead to significant and 

permanent job reductions and prominent AI developers have likewise claimed that AI poses a 

potential existential threat to humanity.4,5 Notably, many experts also dispute these potential 

outcomes including, more recently, many who previously made them.6 Still, there is broad 

agreement that AI will have some effect on the workplaces and the labor market, even if the 

scale, timing, direction, and distribution of those effects remain uncertain. Given the stakes, it is 

important to consider several possible scenarios and consider their potential implications for 

policymakers, educators, and employers.  

Current Research on Economic Impacts 

Concerns about the impact of computer technology on employment predates contemporary AI 

systems. Indeed, in a notable 2003 paper, economist David Autor and coauthors studied how 

computerization substituted for workers in some tasks and complemented workers in others. 

Importantly, the researchers found that computers at that time were best suited to tasks that 

followed explicit rules, while humans excelled at nonroutine problem-solving and complex 

communication tasks.7 Advances in AI, however, have broken down the barrier limiting 
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machines to tasks following explicit rules, motivating ongoing research into AI adoption trends, 

its effects on labor productivity, and employment impacts.  

While this research provides helpful insights into these effects, they are inherently retrospective. 

Rapid increases in AI capabilities, changing business integration, and evolving economic 

conditions constrain their ability to answer questions about current and future AI effects. As a 

result, these studies provide a useful foundation on which to build ongoing research rather than 

a conclusive answer to the fundamental economic questions raised by AI. 

Adoption trends 

By some estimates, AI is the quickest-adopted general-purpose technology in human history, 

with more than 1.2 billion people having used an AI tool (Figure 1).8 

Figure 1 

Technology adoption rates 

Note: The horizontal axis represents years since mass market introduction of the technology – 1981 for the PC, 1995 for 

the internet, and 2022 for AI.  

Sources: Inter-university Consortium for Political and Social Research Census Bureau Real-Time Population Survey 

(AI), Current Population Survey (Personal Computer), and International Telecommunication Union (Internet), 2026. 

Calculations by Alexander Bick, Adam Blandin, and David Deming, Federal Reserve Bank of St. Louis. 

Adoption in US workplaces has been similarly swift: about 18% of firms and 41% of workers 

reported using AI through the end of 2025, with higher adoption rates at larger firms and certain 

sectors such as professional services (including scientific and technical services), finance, and 

insurance.9 Another survey conducted in mid-2026 found that 47% of US employees say their 

organization has adopted AI.10 

Though AI usage has been broad, certain groups have adopted the technology at higher rates, 

including younger workers, those with more education, and higher earners.11 There is also 

regional variation in AI workforce readiness, with one analysis of available talent pools, 
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innovation infrastructure, and adoption rates finding just about one-third of US metro areas in 

the top tier of AI preparedness.12   

Notably, adoption also appears to be highly correlated, with projections of occupational 

exposure to AI suggesting that the technology is diffusing fastest into jobs where it has the 

greatest technical capacity to reshape tasks.13 More recently, usage of AI for automation (in 

which users give a model a task and direct it to complete it with minimal human involvement) 

rather than augmentation (in which users ask a model for information and iterate on tasks) has 

increased.14  

Productivity 

A 2023 analysis of the use of AI in a customer support setting found an increase of 14% in the 

number of issues resolved per hour. However, these gains were driven largely by novice and 

low-skilled workers (34% increase) with minimal impacts on experienced and highly skilled 

workers.15 Likewise, an experiment involving writing tasks showed that AI helped workers be 

more productive and improved worker satisfaction, but the biggest gains were concentrated 

among workers with the weakest baseline writing abilities.16 AI has also shown significant 

productivity gains among software developers—a 26% increase in task completion—but with 

higher rates of adoption and productivity gains among less-experienced developers.17 AI has 

also shown benefits for medical diagnosis across a wide range of specialties and could help 

relieve health care workforce shortages in some cases.18  

Despite evidence of productivity gains in targeted contexts, research also shows its limits. A 

2023 study found that giving management consultants access to AI increased the speed of task 

completion while also improving quality. However, it also showed that for tasks outside the 

frontier capability of the AI model, consultants with access to AI were 19% less likely to produce 

correct solutions than those without AI access.19 Another projection expects strong initial 

productivity growth associated with AI (as high as 0.2 percentage points annually in the 2030s), 

but that the effect would eventually fade by about 2045 to less than 0.04 percentage points as 

adoption saturates.20 For reference, total factor productivity growth was 0.8 percent in 2025.21 

These findings emphasize the need for ongoing research to account for improving AI models 

and increasing capabilities among workers and organizations. Research from The Conference 

Board also highlights the need for intentional enterprise strategies to maximize AI capabilities, 

including reskilling and targeted learning pathways.22  

Employment Impacts 

Data limitations, fast-evolving AI capabilities, and a dynamic economic environment make the 

employment effects of AI a difficult question to study.23 However, despite rapid AI adoption— 

and some sensational headlines to the contrary—the net effect of AI on the labor market 

appears, at least so far, to be muted.24 Several analyses of job trends through early 2026, for 

example, found no pattern associating increased job vacancies with AI exposure or evidence 

linking AI to a decline in aggregate labor demand (Figure 2).25   
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Figure 2 

Unemployment rates (log rate) for AI-exposed and comparable unexposed 
occupations 

 

Source: Bureau of Labor Statistics via IPUMS-CPS and Yale Budget Lab analysis, 2026 

A 2023 survey fielded by The Conference Board, for example, found that while more than half of 

employees reported using AI on the job, just 4% expected it to replace their job.26 In addition, an 

estimate of occupational exposure to AI—measured as the share of a position’s tasks that can 

be completed by AI—have also not increased in the last three years, even as models have 

become more capable.27 Other early studies have not found significant negative wage effects 

for workers in AI-exposed occupations and potential wage gains from AI for lower-skilled 

workers.28,29 

However, this picture is far from conclusive, and the evidence is quickly evolving. A study using 

data through 2023 found that tasks with AI exposure experience reduced labor demand, 

although it also observed modest overall employment effects.30 Several studies have also linked 

occupational AI exposure to lower employment for early-career workers, though other analyses 

have found no effect.31,32,33 Other research has found that exposure among certain 

occupations—including web development, database design, and software development—has 

increased significantly as AI models have become more capable.34  

Importantly, these trends may change as firm integration of AI evolves. Data from The 

Conference Board indicate that most firms are still in the “early experimentation” phase of AI 

maturity.35 However, as firm-level abilities increase, impacts may be more significant.  
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Impact Scenarios 

Given the wide range of possibilities for AI impacts, this section considers several scenarios:  

1. Gradual augmentation: AI primarily aids rather than replaces workers and impacts are 

slow to materialize.  

2. Concentrated gains: AI has relatively modest employment impacts overall but leads to 

significant productivity gains for a limited subset of industries and occupations.  

3. Significant displacement: AI leads to significant job loss across a broad range of 

occupations.  

4. Uneven disruption: AI leads to significant displacement but in a limited subset of 

occupations.  

Gradual augmentation 

One plausible scenario is that AI quickly becomes a common workplace tool with broad 

adoption, but productivity gains and task disruption are slower to materialize at scale. Workers 

may use AI to complete basic tasks including summarizing documents, analyzing data, 

generating code, or answering routine questions while workers review AI outputs, design 

prompts and workflows, and manage exceptions and fringe cases. In this way, AI integration in 

the workplace could resemble the adoption of other technologies such as the personal 

computer and the internet—first as a novel tool limited to certain roles and use cases but 

eventually a standard capability for most employees. Analysis from The Conference Board 

projects that within three years, just 15–25% of jobs in the cognitive workforce (roles centered 

on knowledge and information tasks rather than manual labor) will involve human-only work, 

whereas 60–70% of jobs will involve collaboration between humans and AI.36 

In this scenario, AI might have minimal impact on employment levels overall or impacts would 

be slow to develop, a possibility that some experts have described as “AI as normal 

technology.”37 However, AI could have targeted impacts on the task composition of certain roles 

and the employment prospects of some workers. For example, those who struggle to use AI 

may experience worse employment outcomes than their peers. Likewise, early career 

employees whose abilities can be replaced by AI might see worse employment outcomes while 

demand increases for longer tenured employees capable of managing more complex tasks. 

Recent analysis from The Conference Board, for example, found that job postings for computer 

technology professionals shifted toward longer-tenured workers between 2022 and 2026.38 

Aside from impacts on labor demand, AI could potentially improve employee satisfaction and 

retention if the technology is used to complete low-value, repetitive, or onerous tasks. For 

example, AI scribes and documentation tools in health care have the potential to reduce 

administrative burden and help clinicians spend more time on patient care. A 2025 study found 

that after 30 days with an ambient AI scribe, the share of participating clinicians reporting 
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burnout fell from 52% to 39%, while participants also reported lower note-related cognitive task 

load, less after-hours documentation time, and greater ability to focus on patients.39 AI may also 

help relieve capacity constraints in certain sectors. A 2026 study from The Conference Board 

noted that AI tools have helped hospital systems optimize staffing allocations and improve 

remote patient monitoring.40  

Importantly, this scenario may occur even if AI capabilities increase rapidly as many other 

factors—including employee capabilities, organizational policies and strategy, market dynamics, 

and public policy—could slow AI adoption. Even where AI can technically perform a task, firms 

may choose to keep humans in the loop because of risk, compliance, quality control, customer 

trust, liability, data security, or brand reputation concerns. In many cases, organizations may 

also lack the data, integrated systems, workflow discipline, and management capacity required 

to fully leverage AI capabilities.   

Concentrated gains 

Another possibility is that AI delivers significant productivity and employment gains, but those 

gains are concentrated among a relatively small share of firms, roles, and workers best 

positioned to capture them. The result could be a labor market with limited or moderate 

aggregate employment disruption but widening inequalities along certain economic fault lines, 

like those observed as computers remade workplaces.41 These trends have the potential to 

significantly remake society and create what some have described as a permanent “AI 

underclass”—workers, firms, and communities that are structurally excluded from the most 

productive parts of the economy and whose economic prospects significantly lag those in AI-

augmented roles.42 

Notably, these economic divisions may match existing disparities by education, geography, and 

demographic characteristics, but in other cases they may deviate from these patterns in 

surprising ways. For example, unlike previous automation waves that mostly affected middle-

skill routine jobs, AI displacement risks span the income spectrum, including high-income 

earners and knowledge workers that largely benefited from previous technological advances.43 

In addition, workers in trades or manual labor, whose wage gains have lagged those of college 

educated workers in recent decades, may be less directly exposed to some forms of AI 

disruption and could see relative gains compared to disrupted knowledge workers. For example, 

the Conference Board’s AI & Automation Risk Index, using Occupational Information Network 

(O*NET) data, estimated in 2024 that about 48% of tasks in STEM fields have high task 

exposure to AI, compared to just 23% of tasks in manual trades and production (Figure 3).44 
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Figure 3 

AI and automation risk index—aggregate groups 

Average by occupation groups; bubble size represents current employment 

 

Source: AI & Automation Risk Index, The Conference Board, 2026 

Concentrated AI productivity gains may also widen regional economic disparities. One analysis 

of 195 US metro areas found that just 30 accounted for nearly 70% of all job postings seeking 

AI-related skills.45 Usage patterns of Anthropic’s Claude also show regional variation tied to 

dominant industries in those areas; for example, higher IT-related requests in California and 

document editing in Washington, DC. This can create risks for cities with dominant industries 

likely to face AI-related disruption and that are not positioned to capture the productivity gains, 

investment, and job growth associated with AI adoption. For example, Phoenix—which has a 

concentration of call center and back-office employment—shed nearly 24,000 customer service 

jobs between 2021 and 2025. 

Significant displacement 

Some experts believe that a significant majority of jobs could experience disruption because of 

AI, leading to labor displacement on a scale that would rival or far exceed the most severe 

economic shocks in US history. For example, research from OpenAI published not long after the 

release of ChatGPT estimated that 80% of the US workforce could have at least 10% of its 

tasks affected by AI and that about 20% of workers could have more than half of their tasks 

affected.46 Another estimate found that 25% of global employment is exposed to AI.47  
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Importantly, task exposure to AI may not necessarily lead to job loss if AI usage enables 

workers to be more productive. However, many employers have warned that AI will reduce 

labor demand. In a 2025 interview, for example, Anthropic’s CEO predicted that AI would 

eliminate half of all entry level white-collar jobs and lead to 10–20% unemployment by 2030.48 

Additionally, Verizon’s CEO has stated that AI would lead to 20–30% unemployment, while a 

Boston Consulting Group report estimated that 10–15% of US jobs would be eliminated within 

five years.49,50  

In this scenario, AI agents and other AI-enabled systems could complete many tasks with 

limited or no human intervention, sharply reducing demand for workers in a wide variety of roles 

and sectors. Job loss may begin with clerical and administrative support roles, certain 

manufacturing and production roles, transportation, and food preparation, which research from 

The Conference Board has found are at highest risk for replacement.51 However, displacement 

would eventually expand to include professional roles that have historically experienced 

relatively low levels of unemployment, including financial analysis, legal services, and even 

some medical services. Notably, some of the roles most exposed to AI disruption are higher-

paying positions typically requiring advanced degrees.52 As in other scenarios, certain workers, 

including those early in their careers and those unable to leverage AI, may be at higher risk of 

job loss. 

The economic disruption that would follow such an event would be substantial. Increased 

unemployment rates would be persistent and paired with higher underemployment and lower 

labor force participation rates. Displaced workers who do find alternative employment may see 

significant earnings loss and productivity gains would be captured by a relatively small number 

of firms and workers. Social and political turmoil could also be substantial. Prolonged job loss is 

associated with wide-ranging adverse outcomes including worse physical and mental health, 

family instability, and increased reliance on public benefits.53 Research has also found that labor 

market disruptions that occurred as US manufacturing moved overseas found linkages to 

increased political polarization.54,55  

This scenario would distinguish AI labor disruptions from those caused by earlier technological 

revolutions. Economic research has generally shown that technological innovation leads to 

increased economic activity and job growth despite negative effects on some workers and 

communities.56 In addition, the labor market in dynamic modern economies is continually 

evolving, with new types of jobs emerging as others are eliminated. For example, one analysis 

found that most current US jobs are in specialties introduced after 1940.57 However, in a 

warning of AI’s potential impacts, that analysis also found that the labor demand-reducing 

effects of technology have more recently increased faster than the demand-boosting effects, a 

trend that may be exacerbated as AI capabilities advance. 
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Uneven disruption 

In a less severe—though still disruptive—scenario, AI’s labor market effects remain highly 

uneven across sectors and occupations. This scenario may include significant job loss in certain 

sectors and roles where tasks are largely completed by AI, even as job growth increases in new 

or existing roles that leverage AI to be more productive—perhaps resembling labor market 

changes resulting from past periods of technological disruption.  

However, even if aggregate job levels increase in this scenario, the transition could be 

challenging for impacted workers and communities. In one study of trade-displaced workers, 

only about 60% were reemployed after four years, and even those who returned to work 

replaced only slightly more than half of their pre-separation earnings. Likewise, recent Bureau of 

Labor Statistics data show that among long-tenured workers displaced in 2021–2023, about 

16% were unemployed and 18% were out of the labor force in 2024. Among those who had 

found new positions, about 40% were earning less than they had been before being displaced.58 

This transition would create challenges for both educators and business leaders. As noted in 

recent research from The Conference Board, business leaders would need to carefully bridge a 

potential generational divide between employees who are new to AI tools and those who grew 

up using the technology.59 

Public Policy Impacts 

It remains unclear which labor market impact scenario will unfold as AI is integrated into the 

workplace and the technology evolves. However, AI-related labor force impacts introduce 

important public policy considerations, including near-term effects on enrollment in 

unemployment insurance (UI) programs and public benefit programs such as Medicaid and the 

Supplemental Nutrition Assistance Program (SNAP), reskilling and training initiatives for 

displaced workers, and fiscal impacts.  

UI and public benefits 

One of the most immediate effects under any scenario resulting in job loss would be increased 

UI demand. Under scenarios with modest negative employment impacts, demand for 

unemployment benefits might resemble a traditional mild to moderate recession and not require 

specialized policy responses. However, Congress may still consider targeted actions for 

displaced workers as it has during many previous recessions, including appropriating funds to 

support state unemployment systems or extend the duration of benefits. Even as employment 

rates recover, workers would likely continue to see reduced earnings, particularly in a weak job 

market.60 Long-tenured workers, for example, may see the worse employment outcomes and 

are likely to see the largest earnings losses.61 Among long-tenured workers displaced during the 

pandemic, 16% were unemployed and 18% were out of the labor force by 2024. Among those 

reemployed full time, only 62% earned as much or more as their last job.62  
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Under more significant impacts—such as the concentrated gains and uneven disruption 

scenarios—targeted interventions may be needed to assist those in affected occupations, 

career stages, or regions experiencing severe shocks. For example, Congress may consider 

support modeled after the Trade Adjustment Assistance program that was created in 1974 to 

aid workers displaced due to offshoring.63 Congress may also consider basing supplemental 

federal funding for extended unemployment benefits on occupational displacement, regional 

unemployment, or earnings losses rather than state-wide unemployment rates. The potential for 

high and persistent joblessness has also led to calls for consideration of more novel, 

controversial, and potentially costly steps including providing long-term wage subsidization for 

displaced workers, a universal basic income, or distributing a public dividend from AI model 

profits.64  

Decisions about how to respond to employment disruptions would have important 

macroeconomic effects—consumer spending, for example, drops sharply when UI benefits are 

exhausted.65 Notably, only about 28% of laid-off workers collect UI and the benefits only replace 

about 40% of their average weekly earnings, leaving a significant potential income gap for 

affected workers.66 Large-scale employment disruptions may also put stress on the 

administration of unemployment benefits. A Government Accountability Office (GAO) analysis of 

unemployment systems during the pandemic found that millions of workers experienced delays 

receiving benefits and payment errors rose from 9.2% to 18.9%.67 GAO also estimates that 

pandemic-era UI fraud cost between $100 billion and $135 billion, underscoring the importance 

of robust monitoring and audit systems during large expansions of such programs.68  

Evidence from past recessions indicates that AI labor market disruption would also increase 

enrollment in the parts of the social safety net that sit outside UI, including Social Security, 

Medicare, Medicaid, and SNAP.69 One study estimates that the Great Recession induced nearly 

1 million extra Social Security Disability Insurance applications and more than 400,000 extra 

beneficiaries between 2008 and 2012.70 Research on the impact of increased Chinese import 

competition on US labor markets between 1990 and 2007 also found that payments for 

unemployment, disability, retirement, and health care rose sharply in exposed labor markets. 

These effects could be persistent. For example, though the Great Recession technically ended 

in mid-2009, SNAP enrollment continued to increase until 2013.71 As with UI, administrative 

capacity at benefit agencies may be challenged; between 2019 and 2023, for example, average 

disability determinations slowed from 121 to 219 days on average.72 Labor market disruption 

could also increase burden on nongovernmental providers of aid, including charitable and 

religious organizations. 

Education and training 

As with previous periods of labor market disruption, many workers will seek additional education 

and training to improve their reemployment prospects. Evidence from previous recessions 

indicates that increased job loss drives enrollment in colleges at all levels, though community 

college and two-year college enrollments are most sensitive to labor market changes. For 

example, one analysis found that a one percentage point increase in the local unemployment 

rate raises first-time community-college enrollment by about 2%.73  
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However, AI may affect the labor market and educational enrollment in unusual ways that 

require particular attention from policymakers. Unlike previous recessions, which most severely 

impacted labor demand for workers with less education, AI could potentially displace large 

numbers of highly educated or specialized workers. This may make traditional reskilling 

pathways ill-suited to moving AI-displaced workers toward reemployment. In addition, 

institutional capacity could be a barrier to providing displaced workers access to in-demand 

programs. For example, research has found that while community college enrollment increases 

during recessions, capacity constraints in programs with higher earnings outcomes—such as 

technical and health care fields—divert students to programs with lower labor market returns.74 

Employers will also need to carefully consider workplace training so that workers in AI-

augmented roles have the opportunity to build the skills needed to remain competitive.   

Given the potential impacts of AI, employers and educators will need to carefully consider 

program design and educational content. For example, flexible programs with more generous 

funding have large long-term impacts on earnings.75 Programs directly affiliated with employers 

and that teach targeted occupational and workplace skills have also shown benefits.76 Still, 

given the potentially unique features of the job displacement that AI may cause, stakeholders 

should be prepared to experiment with different types of reskilling programs, carefully study 

their results, and adjust as needed.77 This may be a particular challenge as advancements in AI 

models’ capabilities and their use in the workplace make it difficult to develop course materials 

that remain current.78  

Fiscal impacts 

Aside from the direct effects on workers, labor market disruptions would also have important 

broader fiscal impacts due to potential tax revenue losses paired with increased expenditures 

for both mandatory and discretionary programs. For example, during the first year of the Great 

Recession, total federal receipts fell nearly 17%, largely driven by a 20% decrease in individual 

income tax receipts.79 Likewise, UI benefits during the first year of the pandemic cost about 

$800 billion.80 Large labor force disruptions could also worsen the fiscal crisis facing Social 

Security. 

How significant these impacts are will depend, of course, on the direction and magnitude of AI’s 

labor market effects. If AI mostly raises worker productivity and preserves employment, tax 

revenue should be neutral to positive overall: more output, more taxable wages, and some 

increase in business receipts. However, even in a scenario with positive productivity and 

employment effects for some workers, lower overall labor demand may still negatively impact 

government budgets. Likewise, scenarios that result in widespread unemployment or 

disproportionate displacement of higher-earning workers could have severe impacts on the tax 

base at federal, state, and local levels. 
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Conclusion 

Workplace adoption of AI has far outpaced that of other modern technologies. However, 

individual productivity gains and broad labor market effects have been slower to materialize and 

harder to discern, reflecting the difficulty of studying a rapidly evolving technology with limited 

real-time data. Despite widespread concerns about largescale disruptions, the evidence to date 

supports neither complacency nor alarm. Rather, policymakers, educators, and employers 

should evaluate potential impact scenarios and prepare workers, policies, and programs to 

capitalize on upsides and remain resilient in the face of downsides.  

The enduring lesson of the Solow Paradox is that the economic effects of transformative 

technologies often arrive through delayed, uneven, and institution-dependent processes. AI may 

follow that pattern, although its speed of adoption and reach into cognitive work could make the 

transition faster and more disruptive than previous technological shifts. Whether AI becomes 

primarily a tool of widespread human augmentation or a source of concentrated economic 

displacement will depend not only on what the technology can do but also on the choices that 

businesses, educators, and policymakers make as it is deployed. 
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SUSTAINING CAPITALISM 

Achieving prosperity for all Americans could not be more urgent. Although the United 

States remains the most prosperous nation on earth, millions of our citizens are losing 

faith in the American dream of upward mobility, and in American-style capitalism itself. 

This crisis of confidence calls for reasoned solutions in the nation’s interest to provide 

prosperity for all Americans and make capitalism sustainable for generations to come. 

In 1942, the founders of The CEO Center (originally the Committee for Economic 

Development), our nation’s leading CEOs, took on the immense challenge of creating a 

rules-based postwar economic order. Their leadership and selfless efforts helped give 

the United States and the world the Marshall Plan, the Bretton Woods Agreement, and 

the Employment Act of 1946. The challenges to our economic principles and 

democratic institutions now are equally important. So, in the spirit of its founding, The 

CEO Center, the public policy center of The Conference Board, releases a series of 

Solutions Briefs throughout the year. These briefs address today’s critical issues, 

including health care, the future of work, education, technology and innovation, 

regulation, US global competitiveness, geo-economics, infrastructure, inequality, 

climate, energy and nature, and fiscal health. 

THE CEO CENTER, founded in 1942 as the Committee for Economic Development, is the 

public policy center of The Conference Board. Members of The CEO Center are chief executive 

officers, key executives of leading companies, and university Presidents. Collectively, they 

represent 30+ industries, over five million employees, and more than $2T in annual 

revenues. The nonprofit, nonpartisan, business-led policy center advances business-informed 

policy recommendations to strengthen the US economy and advance the country’s long-term 

prosperity. 
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